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ｒｅｓｐｅｃｔｉｖｅｌｙ；Ｔｈｅｎ，ｔｈｅｄｅｐｔｈｉｎｆｏｒｍａｔｉｏｎｅｘｔｒａｃｔｅｄｂｙｔｈｅｔｗｏｓｔｒｅａｍｓｔｒｕｃｔｕｒｅｉｓｐａｒｓｅｄｂｙａｌｏｎｇａｎｄｓｈｏｒｔｔｉｍｅ
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ｃｅｎｔｅｒｌｏｓｓｉｓｕｓｅｄｔｏｍａｘｉｍｉｚｅｔｈｅｄｉｓｔａｎｃｅｂｅｔｗｅｅｎｃｌａｓｓｅｓａｎｄｍｉｎｉｍｉｚｅｔｈｅｄｉｓｔａｎｃｅｗｉｔｈｉｎｔｈｅｃｌａｓｓ，ｓｏａｓｔｏ

ｃｌａｓｓｉｆｙａｎｄｉｄｅｎｔｉｆｙｓｉｍｉｌａｒａｃｔｉｏｎｓ．ＴｈｅｅｘｐｅｒｉｍｅｎｔａｌｒｅｓｕｌｔｓｏｎｔｈｅｄａｔａｓｅｔＫＴＨｓｈｏｗｔｈａｔｔｈｅｍｅｔｈｏｄｃａｎ

ａｃｃｕｒａｔｅｌｙｉｄｅｎｔｉｆｙｓｉｍｉｌａｒａｃｔｉｏｎｓ，ａｎｄｔｈｅｒｅｃｏｇｎｉｔｉｏｎａｃｃｕｒａｃｙｃａｎｒｅａｃｈ９８．２％，ｗｈｉｃｈｈａｓａｇｏｏｄｒｅｃｏｇｎｉｔｉｏｎ

ｅｆｆｅｃｔ．
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